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Abstract

Prosodic speech characteristics are important in the evalua-
tion of both intelligibility and naturalness of oral proficiency
for learners of English as a Second Language (ESL). Differ-
ent fo movement patterns between native and Mandarin Chi-
nese learners have been an important research topic for second-
language (L2) English speech learning. However, previous
studies have seldom examined fo movement patterns between
lower-level and higher-level Mandarin ESL learners. The cur-
rent study compared fo change patterns extracted from the same
20 English sentences read by 20 lower- and 20 higher- level
Mandarin ESL learners, and 20 native English speakers from
a speech database. Appropriate procedures were applied to
ensure a more accurate estimation of fo values and to catch
characteristic deviation in fo movement patterns of ESL learn-
ers. The results showed that lower-level Mandarin speakers dis-
played more frequent fo fluctuations and smaller standard de-
viation of intervals between fo peaks than both native speakers
and higher-level learners. The special characteristic of many
smaller “ripples” on pitch contours of lower-level L2 English
speech resembles Mandarin Chinese fo movements, which sug-
gests a negative transfer from the first language (L1) Mandarin.
The findings can shed light on the assessment and learning of
L2 English prosody by Mandarin ESL learners.

Index Terms: Fp pattern, L2 English speech, Mandarin Chi-
nese Learners

1. Introduction

Mandarin Chinese and English are representative cases of tone
and stress languages. The fo pattern in Mandarin is determined
mainly by tone contours of all the lexical items, but the fy pat-
tern in English is determined mainly by the phrasal stresses (i.e.
pitch accents) on only a few of the lexical items in a sentence
[4, 1, 2]. The pitch contour in Mandarin is an interaction of lex-
ical tones and sentence intonation, which is compared to “small
ripples on large waves” by Chao [3]. The investigations in the
different fo patterns between Mandarin Chinese and English
have been an interesting topic for experts. In the early 1980’s,
Eady found that Chinese speech was characterized by more fo
fluctuations as a function of time and as a function of the num-
ber of syllables, which reflected the difference between a tone
language like Chinese and a stress language like English [4].
In recent years, Keating and Kuo also showed that Mandarin
speakers had higher fy maximums and means, and larger fo
ranges, and they argued that the choice of speech materials to
compare could be critical [5].

Moreover, it is suggested that the prosodic pattern of an
adult’s L2 can be characterized by that of acquired L1 [6, 7].
The rhythmic features of syllable-based Mandarin Chinese have
been observed to be transferred in the L2 speech of a stress-
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timed language such as English [8]. However, not only rhyth-
mic patterns of syllabic timing, but also patterns of fundamental
frequency (fo) and intensity can demonstrate the prosodic dif-
ferences between L1 and L2 speech. But because of the com-
plexities of pitch calculation, few investigations have been de-
voted to analyze the deviance in fo change patterns of L2 En-
glish by Chinese learners. Though Hirst and Ding [9] employed
18 acoustic metrics to compare 40 English passages and showed
a correct prediction of 95.88% of L2 English speech by Chinese
from that of native English, they did not show whether these
metrics could distinguish higher- and lower-level learners.

Other investigations mainly compared fj profiles such as
fo means and fo ranges, and mixed results have been found.
Some studies have found compressed fi ranges and fewer pitch
variations in L2 speech [10, 11], which could be attributed to
less confidence in L2 production. Other studies reported larger
fo ranges in L2 due to the influence of L1 prosody [12, 13].
As to fy means, the results were more various between L1 and
L2 speakers due to different groups of speakers and different
styles of speech (e.g. spontaneous or read speech). In the cur-
rent study, we focused on the more robust effect of fo change
patterns to provide relatively reliable measures for distinguish-
ing different prosodic performances in L2 English production of
Mandarin speakers. Instead of comparing fo means and ranges,
we studied fo fluctuation patterns as described by Eady [4].

Normally stressed syllables are associated with longer du-
ration and more or larger pitch movements [14]. Based on the
rhythmic findings in timing that Mandarin L2 English learn-
ers display a smaller normalised pairwise variability index for
vocalic intervals than native English speakers [15], we may hy-
pothesize that L2 English produced by Chinese learners may
demonstrate more fo peaks (small ripples) and lower variations
in fo peak recurrence intervals, which could be transferred from
the lexical tones in the native tone language.

2. Method
2.1. Speech database

The speech database was taken from the Global TIMIT Learner
Simple English [16], which was part of the Global TIMIT
project designed for acoustic-phonetic studies [17]. The learner
database consists of two separate sets of 50 speakers reading
120 sentences from the original TIMIT [18]. These sentences
were selected as simple to read by Chinese learners of En-
glish. Among the 120 sentences, 20 sentences were read by
all speakers, 40 sentences were read by 10 speakers, and 60
sentences were read by five speakers. L1 Simple English was
recorded at the University of Pennsylvania from 25 female and
25 male native American English speakers; L2 Simple English
was recorded at Shanghai Jiao Tong University from 25 female
and 25 male Chinese learners of English.

http://dx.doi.org/10.21437/Interspeech.2021-581
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Figure 1: Prosody display of sentence “QOutside only a handful
of reporters remained.”

In order to divide the L2 group into higher and lower lev-
els in prosodic performance, we asked five experienced English
teaching assistants to rate the speakers. Based on the official cri-
teria of fluency and coherence used in national standard tests,
we made more detailed criteria for the evaluation of prosodic
performance. We used 1-5 scales with 1 indicating very Man-
darin Chinese-like prosody (i.e., very strong Chinese accent)
and 5 indicating near-native English prosody (i.e., near-native
accent). After several rounds of trials, the raters could achieve
a minimal correlation of 0.8 in their assessments of randomly
selected five sentences. For the best and worst 20 speakers, the
raters could reach a total agreement. Then each rater should
rate four different sentences of each speaker, and we averaged
their scores and selected 20 speakers with the highest scores
as English learners of Higher level (EnHi) and 20 speakers with
the lowest scores as English learners of Lower level (EnLo), and
left the other 10 speakers in the middle out. We also selected the
10 best L1 English speakers into English Native (EnNa) group
according to the evaluations of our raters. Finally, we obtained
three groups, the sex ratios were not exactly 1:1, but they were
still balanced, with male:female ratio of 13:7, 9:11, and 12:8 in
EnNa, EnHi, and EnLo, respectively.

2.2. Analysis procedure
2.2.1. Display of prosody

A visual inspection of fo movement patterns is important to
gain an overall impression. With the help of ProZed [19], differ-
ences of fy patterns between L1 native English and L2 English
by Mandarin Chinese are displayed in Figure 1.

The pitch contour is demonstrated in a continuous line with
each circle corresponding to one syllable, with the vertical level
and diameter of the circle representing the pitch and duration
of the syllable respectively. The unit of pitch has already been
normalized to the logarithmic scale log, (Hz/median). A declar-
ative intonation contour with phrasal stresses on a few syllables
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(circles with larger diameters) in L1 English is shown in Figure
1 (a); while a pitch contour with many fluctuations of circles
in medium comparable diameters is displayed in Figure 1 (b).
It can be observed that compared with L1 English, L2 English
produced by the Chinese learner exhibited more minor stresses
not only in syllable timing (e.g. many syllables with compara-
ble duration) but also in fy movements (e.g., more fluctuations
of fo contour). The fo movement of the L2 English resembles
the Mandarin Chinese intonation of “smaller ripples” on the
“large waves”. We employed appropriate processing techniques
to illustrate the differences between L1 and L2 groups, and to
further separate the lower- from higher- level for L2 learners.

2.2.2. Analysis of fo-related values

We applied different fy extraction software packages, and found
that unreliable fo estimation mainly appeared at two kinds of
places: 1) creaky periods, and 2) junction points of voiceless
and voiced parts. By comparing the available f; extraction tech-
niques, we found that the REAPER (Robust Epoch And Pitch
EstimatoR) speech processing system [20] proved to be able
to provide more accurate fy measurements within the creaky
voice at low pitch ranges. To avoid extremely high and low val-
ues at junction points, we carried out the pitch tracking through
a two-pass procedure following the strategy proposed by Hirst
[21, 22]. First, we inspected our data and set a more accurate
search range of 75-300 Hz and 100-400 Hz for male and female
speakers respectively, and calculated the first and third quartiles
(i.e., ql and q3) across all fo samples for each speaker. Second,
we set the fo floor and ceiling for each speaker to 0.75 - g1 and
1.5 - g3, respectively. By using a personalized search range, we
greatly reduced the estimation errors of fo extraction, and the
speakers’ fo histograms were observed to be more centralized
around the mean values. Finally, fo values were extracted us-
ing REAPER [20] with a five millisecond (ms) frame rate with
personalized ranges to ensure optimized accuracy.

To reduce sex-based differences, fo values in Hertz (Hz)
were converted to semitones (st). Instead of a fixed base fre-
quently, we employed a speaker-dependent reference calcula-
tion (Equation 1) proposed by Yuan and Liberman [23] to fur-
ther reduce the individual difference.

)]

folSt] = 12 - log, ( fo[Hz] )

fo-base

The base frequency used for calculating semitone (fo_base)
was speaker-dependent, which referred to the 5th percentile of
all fo values of a given speaker.

2.2.3. Analysis of fo change patterns

We employed appropriate techniques to plot fi curves and iden-
tify fo peaks. To plot fy contours, we intended to compare fo
change patterns that were related to perceptual prosody in the
current study. Unlike the calculation of the variables by Eady in
[4], which was based only on the voiced parts, our calculation
was determined on the basis of the interpolated and smoothed
pitch curves with voiceless parts of signal because the curve
continues to evolve during the voiceless portions of speech, as it
is explained by Hirst in [22]. Since we also compared the inter-
vals between peaks, we excluded all silent periods longer than
50 ms, and employed the same strategy described by [23] for in-
terpolation and smoothing. The f contours were firstly linearly
interpolated to be continuous over the unvoiced segments and
creaky periods, and a Butterworth low-pass filter with normal-
ized cutoff frequency at 0.1 with filtfilt was employed to smooth
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Figure 2: Iy curves with peaks identified of sentence “His tech-
nique is ample and his musical ideas are projected beautifully.”

the fo curves. To identify f peaks, we employed topographic
prominence analysis, which has been successfully used to de-
tect syllabic peaks in identifying acoustic biomarkers from the
repetitive syllable production task [24]. In our current study, a
fluctuation was defined to be a point on the fo curve at which
the slope of the line changes from a positive to a negative value
or vice versa, as it was described by Eady [4]. MATLAB tools
[25] were used to identify the fluctuation points (local peaks
and valleys) in the f contour. Since many micro fo movements
(micromelody) caused by the segmental nature of the individual
speech sounds were not associated with prosodic change pat-
terns [22, 26], some fy perturbations due to segmental sounds
should not be counted as prosodic fluctuations. The threshold
value was manually tuned to set a moderate value of 0.5 semi-
tone as the threshold for all categories of speech. That means
in order for the local maximum or minimum point on the curve
to be labelled as a fluctuation point, it had to differ from the
immediately preceding minimum or maximum point by at least
0.5 semitone. The resulted number of peaks was comparable to
those described in [23].

In order to facilitate comparison, we normalized the range
of peaks and valleys of each sentence so that all fy contours
appeared between 0 and 1, which was similar to the prosody
display between -0.5 and +0.5 in Figure 1. For each sentence, a
graphic display that plotted fo variations as a function of time
was produced. We obtained altogether 1,200 plots for three
groups: 1,200 = 20(speakers) - 20(sentences) - 3(groups).
One example is shown in Figure 2. It is clear that fluctuations or
peaks marked with little triangles in the same sentence occurred
more frequently for the Chinese learner in Figure 2 (b) than for
the American speaker in Figure 2 (a).

Since all the speakers read the same sentences, we first
counted the number of peaks in each sentence, and then di-
vided the peak number by the number of syllables and duration
in seconds of each sentence. Thus we obtained two measures:
peak/syllable and peak/second. We also specified two measures
of the peaks: 1) prominence: how much the peak stands out due
to its intrinsic height and its location relative to other peaks; and
2) distance: the distance between peaks. The mean and stan-
dard deviation of prominences and distance were also included
as fo-related parameters.
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3. Results
3.1. Means of f; variables

The means of relevant fy information are presented in Table 1.

Table 1: Means of relevant information of three groups

Group EnNa (L1) EnHi (L2) EnLo (L2)
Male |Female| Male |Female| Male |Female
fo (Hz) 121.13]200.02{127.96(216.35(122.37|218.34
fo (st) 432 | 561 | 533 | 561 | 4.05 | 6.61
duration (s) 277 | 299 | 3.65 | 3.60 | 3.89 | 4.24
peak counts 12.01 | 12.74 | 14.32 | 14.62 | 17.57 | 17.76
peak/syllable 0.744 0.878 1.078
peak/second 4.337 4.011 4.416
mean_prominence 0.251 0.250 0.246
std_prominence 0.225 0.236 0.237
mean_distance 0.090 0.078 0.063
std_distance 0.041 0.039 0.030

The values in each group were averaged across all sen-
tences and speakers of the same category. As sex difference
was no longer significant, the means were averaged across
sexes to facilitate comparison among groups. The females
had higher fo (Hz) means than males, and the Chinese speak-
ers had relatively higher fo (Hz) means than the American
speakers. Sex-based difference has been greatly reduced in
fo means expressed in semitones. It is clear that EnLo was
characterized with the largest values in sentence duration,
peak counts, peak/syllable, and peak/second; the smallest val-
ues in mean_distance and std_distance; comparable values in
mean_prominence and std_prominence.

3.2. One-way ANOVA across groups of f, changes

One way ANOVA and post-hoc test (Tukey’s HSD) were run
for each variable for f, changes separately across three groups
and the obtained significance levels are shown in Table 2.

Table 2: Significance levels for fo variables

Variable Significance level across groups
EnNa-EnHi[EnNa-EnLo[EnHi-EnLo

peak/syllable Hkk kxR ok

peak/second Hekok - w3k
mean_prominence - - -
std_prominence Fkok Hkk -

mean_distance Hokok HkE Hokesk

std_distance - HkE ok

Note: 0 “*#%*(0.001 “*** 0.01 “** 0.05 *” 0.1 *” 1

It was found that peak/syllable and mean_distance dis-
played significant difference among three groups, and the most
prominent difference was the peak/syllable. The peak counts in
each sentence across three groups are displayed in Figure 3.

3.3. Binominal logistic regression analysis between groups

To further examine the contribution of each variable to the clas-
sification of speaker groups, we employed logistic regression
analysis, in which all significant variables listed in Table 2 were
entered as independent variables and group as binary dependent
variable. Two binominal logistic regressions were performed,
one for comparison between EnHi-EnLo and another between
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Figure 3: Comparison of number of peaks among three groups.

EnNa-EnHi. The number of powerful predictors was further re-
duced. The results of the logistic regressions are presented in
Table 3. It is clear that compared with EnHi, EnLo was asso-
ciated with higher peak/syllable and lower std_distance; while
compared with EnNa, EnHi was related to higher peak/syllable
and lower peak/second and m _distance.

Table 3: Results of logistic regression for two comparisons.

EnLo (vs. EnHi)
Predictors Coefficient | Z-value p-value
peak/syllable 6.98 11.80 <2e-16 ***
std_distance -12.17 -2.35 0.019 *
EnHi (vs. EnNa)
Predictors Coefficient | Z-value p-value
peak/syllable 11.39 12.96 < 2e-16 ##*
peak/second -2.12 -11.93 < 2e-16 #**
m_distance -11.03 -4.27 1.92e-05 ***

Note: 0 “*¥***0.001 “***0.01 “*> 0.05 . 0.1 ** 1

Though peak/second and mean_distance could distinguish
EnLo from EnHi when each variable was conducted separately,
it did not show a significant difference when combined with
other variables. While std_prominence could distinguish EnHi
from EnNa, it became less powerful when other variables were
added. The number of fy fluctuations (peak counts) decreased
while the sentence duration increased from EnLo over EnHi to
EnNa. Therefore, fo fluctuations as a function of number of syl-
lables (peak/syllable) increased from EnLo over EnHi to EnNa,
while fo fluctuations as a function of time (peak/second) in-
creased from EnLo to EnHi, but decreased to EnNa because of
the slow speech rate of L2 speakers.

The results in Table 3 showed that EnLo English could be
improved by enlarging its deviation of peak recurrence intervals
and slightly reducing fo fluctuations to resemble the prosody of
EnHi English, while EnHi English could be further improved by
reducing its fo fluctuations and enlarging the intervals between
the peaks to approach the prosody of EnNa English.

4. Discussion

In line with our hypothesis, we have demonstrated that more fo
peaks and lower variations in fo peak recurrence intervals are
associated with Chinese-accent L2 English, which suggests a
negative transfer of the L1 Mandarin language. Besides, some
discussions are provided for the results in this study.
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It is well acknowledged that f, means (Hz) of females are
significantly higher than those of males. In our current study, L2
Chinese learners also demonstrated higher fo means (Hz) than
those of American speakers, which is in line with the findings
of many studies [12, 9] on Chinese learners due to L1 transfer.
But there are opposite reports for other L2 learners [10] because
they are too cautious to vary more. Actually, fo means (Hz)
reflect individual differences and L1 backgrounds, and also de-
pend on recruited speakers and selected materials. In the current
study, short read English sentences instead of long difficult pas-
sages or spontaneous speech were selected, so L2 learners were
confident enough to show a habitual larger pitch range in L2 as
in their L1 language, which also resulted in larger fo means.
By employing speaker-dependent reference frequency in con-
verting fo from Hz to st, we maximally reduced cross-sex and
cross-group differences, and provided a good basis for compar-
ison of fj patterns between groups of different proficiency.

The invariant finding that L2 speech is slower than native
L1 speech has been once again proved in the current study.
Because of slower speech rate, higher-level learners even dis-
played fewer fo fluctuations as a function of time than L1 native
speakers. However, we assume that fy patterns of the sentence
should not change with the speech rate. Therefore, we could
argue Chinese-accented English may be attributed to more fo
fluctuations as a function of the number of syllables. More and
regular small fo peaks can distinguish lower- from higher -level
learners, and these fo patterns mirror the typical lexical tones
of “small ripples” of Mandarin Chinese. However, we should
be cautious to extend our findings to general contrast between
L2 tonal language and L1 stress language. It is reported that L2
English by Vietnamese learners demonstrated fewer fo move-
ments than the L1 English native speakers due to flatter pitch
contours in the Vietnamese language than the English language
[27]. That means more smaller fo fluctuations of L2 English
may be a special feature for Chinese ESL learners. Keating and
Kuo [5] argued that Mandarin high-falling tone alone can dif-
ferentiate Mandarin Chinese fo movements from those of En-
glish. And because there are a high percentage of Tone 4 in Chi-
nese texts [28], they can generate so many small ripples of fo
movements in Mandarin. Moreover, Mandarin speakers apply
their accustomed fo patterns in their L2 English, especially for
lower-level speakers. And this phenomenon can be employed to
evaluate the prosodic performance of Mandarin Chinese speak-
ers. Considering that prosodic deviation of L2 speech is a com-
plex interaction of a variety of rhythmic cues (including dura-
tion, fo and intensity) [29, 30], future work will endeavour to
determine the cumulative effect of prosodic properties on the
evaluation of L2 English speech by Mandarin Chinese learners.

5. Conclusions

The current study novelly employed the fo fluctuation vari-
ables to evaluate the L2 prosodic performance for Chinese ESL
learners. The findings can provide implications for L2 English
speech learning and teaching.
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